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Can humanitarian assistance reduce—or eliminate entirely—the likelihood that civil-

ians support or join insurgent movements after suffering indiscriminate violence? Put

differently, can aid “short-circuit” the radicalization process? To date, our theories of civil

war dynamics and violence have emphasized how civilian victimization, especially by the

counterinsurgent, can have counterproductive effects. Indeed, blowback from civilian vic-

timization has been invoked to explain phenomena as diverse as increased support for, and

participation within, an insurgency, to increased levels and lethality of insurgent attacks

in the wake of these incidents. Yet it remains unclear whether humanitarian assistance

in the aftermath of these civilian casualty events can mitigate, or even offset completely,

the negative consequences of harming civilians and destroying their property. In fact, re-

cent crossnational evidence suggests that humanitarian assistance can actually increase the

incidence and duration of civil wars (Narang, 2015; Nunn and Qian, 2014; Polman, 2010).1

Attempting to evaluate these humanitarian efforts is made difficult by the nature of

their (violent) settings, however. There are almost no studies of immediate humanitarian

assistance—one meta-analysis of 39 studies finds only six of immediate relief efforts, and

only three in (post-)conflict settings (Puri et al., 2014; Fast, 2014). More broadly, to

date studies of civilian victimization and its effects are typically pitched at national or

subnational levels and lack any measure of an individual’s exposure to harm (Canetti and

Lindner, 2014) or receipt of assistance. Without individual level data, scholars have been

forced to input behavior from presumed victimization, and have relied on a multitude

of often behaviorally equivalent mechanisms to link violence to observed outcomes. Key

issues, including how to measure aid’s effects on sensitive topics such as support for the

insurgency or counterinsurgent, are especially difficult to tackle in these environments,

especially with direct survey questions. And the potential politicization of humanitarian

aid—the attempt, for example, to protect reputations by providing assistance—may only

intensity already severe selection biases, confounding our estimates of aid’s causal effects.

The Afghan Civilian Assistance Program II (ACAP II) provides a rare window into

the effects of exposure to violence in the immediate aftermath of 1,061 civilian casualty

events inflicted by the International Security Assistance Force (ISAF) in Afghanistan (2011-

13). I draw on a design-based approach that exploits plausibly exogenous variation in

individual-level exposure to violence and village-level eligibility for ACAP II assistance

1These arguments assume that aid fuels conflict because it is captured by rebels. Here, the aid dis-
tributed is non-monetary and too small/difficult to be subject to rebel capture.
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to assess whether humanitarian assistance can “short-circuit” post-incident radicalization.

I first use a 3,045 respondent survey experiment to compare individuals who received

ACAP II assistance to individuals who were present during the incident but who were

not harmed (and thus received no assistance). I then “scale-up” to the village level to

explore whether receipt of ACAP II altered patterns of insurgent violence compared to

villages where incidents occurred but, due to bureaucratic inertia, ACAP II was forced to

abandon. The combination of plausibly exogenous variation at the individual and village

level creates a nested design that facilitates exploring individual level mechanisms and then

linking attitudes to behavior in a wartime setting where randomized control trials are likely

infeasible.

Several findings emerge from this study. First, ACAP II’s effects at the individual

level are highly conditional on which combatant (ISAF or the Taliban) inflicted harm on

civilians. Second, evidence suggests that ACAP II worked to restore beneficiaries’ pre-

incident income levels, perhaps increasing the opportunity costs for participation in the

insurgency. Third, receipt of ACAP II assistance is associated with increased support

for the Taliban after ISAF-initiated events; humanitarian assistance is not sufficient to

overcome deeply-entrenched in-group biases among Pashtun aid recipients. Nor does ACAP

II assistance improve support for the US government. Finally, receiving ACAP II assistance

is associated with a 17% reduction in insurgent attacks after ISAF-inflicted incidents (but

not Taliban ones) for up to six months after aid distribution. This reduction in insurgent

attacks against counterinsurgent forces is likely due to changes in Taliban tactics; increased

support for the Taliban after ISAF incidents allows the Taliban to shift their violence to

other, pro-counterinsurgent, villages.

1 Civilians to Insurgents

Civilian victimization is a central mechanism in our theories of civil war violence. In par-

ticular, the counterinsurgent’s use of indiscriminate violence is thought to create aggrieved

populations who then (1) cast their support behind the insurgency and (2) become active

members in its ranks. For their part, insurgent organizations seize on the opportunities

presented by civilian victimization to recruit among both directly affected individuals and

those angered but unharmed by the violence. Insurgents can even manipulate state vio-
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lence to assists their own recruitment efforts by provoking state overreactions that create

new casualties.

More specifically, civilian victimization has been invoked as a mechanism to explain

at least seven different dynamics of civil war violence. These include (1) increased insur-

gent violence, typically measured in number of insurgent attacks against counterinsurgent

forces; (2) the spatial diffusion of insurgent violence and state responses to new areas as

anger spreads; (3) the erosion of the central government’s legitimacy, raising the “bribe”

price that counterinsurgents must pay for winning hearts and minds (?); (4) increasing the

lethality and sophistication of insurgent attacks as insurgents invest in weapons (e.g. im-

provised explosive devices) that require some measure of local support to wield effectively;

(5) increases in the size and resources of the insurgency as civilian casualties facilitate

recruitment efforts; (6) rendering counterinsurgent efforts more costly and less selective

as information flows dry up from aggrieved populations; and (7) creating forced popu-

lation displacement and damaged civilian economies that lower the opportunity costs of

supporting and joining an insurgency.

In nearly all of these accounts, civilian victimization is largely viewed as an “on-off”

switch; once it occurs, these negative processes are set in motion, with little apparent regard

for the possibility of conditional effects. Beyond the assumption of a mechanical relation-

ship between the number of fatalities and the magnitude of the negative consequences,

there has been little treatment of how the magnitude of these effects might vary; how

much exposure to violence is necessary to generate these effects; whether there is substan-

tial heterogeneity in these effects, particularly when we compare state-inflicted casualties

with insurgent-inflicted casualties; and almost no discussion of whether these processes can

be interrupted or at least mitigated through the provision of timely post-incident human-

itarian assistance. Nor are these accounts especially clear on which mechanisms underpin

the assumed relationship between civilian casualties and increased insurgent violence or

how these mechanisms interact.

1.1 Existing Work

Four broad theoretical camps connect civilian victimization to increased support for, and

participation within, an insurgency. These theories rest upon multiple individual-level

mechanisms (sometimes shared across camps) that, for reasons of data availability, have
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rarely been tested directly. Note that these theories all assume that these increased sup-

port and participation are conditional on the presence of armed groups in neighboring

areas where victimized individuals could act upon their (new) preferences. Though rarely

explicitly identified, these theories also imply that these individual-level effects scale-up to

produce meso-level behavior in the form of increased insurgent violence or strengthened

rebel control.

Grievances. Perhaps the most common explanation for the link between civilian vic-

timization and subsequent insurgency is also the simplest: revenge. Inflicting harm among

civilians indiscriminately has frequently been identified as pushing fence-sitting individu-

als into the insurgency as a vehicle for satisfying revenge motives (Petersen, 2002; Longo,

Canetti and Hite-Rubin, 2014; Kalyvas, 2006; Kocher, Pepinsky and Kalyvas, 2011; Condra

and Shapiro, 2012; Bennett, 2008; Baicells, 2011; Nagl, 2005). More generally, indiscrim-

inate violence by the counterinsurgent is thought to increase support for the insurgency,

dry up the flow of tips to the counterinsurgent, and boost the frequency and lethality of

insurgent attacks as aggrieved individuals cast their weight behind the insurgency.

Opportunity Cost. Civilian victimization may also cause economic hardship, leaving

individuals more prone to support or join insurgent organization since the opportunity

costs of doing so have been lowered (Becker, 1968; Gurr, 1970; Blattman and Annan,

2014). Sudden unemployment and the destruction of property — particularly farms in

agrarian societies — or remaining capital, for example, may conspire to raise the attraction

of joining insurgencies to receive a regular income (Lyall, 2013; Banarjee and Duflo, 2011;

Walter, 2004). Exposure to indiscriminate violence may also shape an individual’s sense of

future economic prospects, breeding a sense of fatalism that may render individuals more

vulnerable to insurgent recruitment pitches.

Trauma. An emerging literature now seeks to explore how trauma restructures an indi-

vidual’s cognitive processes in the aftermath of exposure to violence (Canetti and Lindner,

2014). An individual’s willingness to accept risk, for example, may be affected by violence;

the lower the risk acceptance, the less likely an individual is to join an insurgency in most

circumstances. Exposure to violence may also result in the hardening of attitudes toward

the out-group (e.g., an external occupier), the greater acceptance of radical solutions to
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political conflict, and a greater desire for stability that may translate into greater support

or participation within insurgency to escape the state’s use of indiscriminate violence (Ka-

lyvas and Kocher, 2007). While an emerging literature has emphasized how exposure to

violence can increase individual altruism and prosocial behavior (Blattman, 2009; Gilligan,

Pasquale and Samii, 2014), it is possible that these same attributes could increase one’s

involvement in an insurgency; indeed, these individuals would make ideal recruits. The

reverse is also possible: exposure to violence is a debilitating experience, one that robs

individuals of a sense of agency while breeding fatalism that leads individuals to opt out

of armed struggle against the state.

Hearts and Minds. Existing hearts and minds accounts acknowledge the negative con-

sequences of indiscriminate violence toward civilians for the counterinsurgent but suggest

that such effects can be counterbalanced through the provision of goods and services.

Providing assistance in the aftermath of counterinsurgent-initiated violence can minimize

grievances by demonstrating that the counterinsurgent does actually care for the welfare of

civilians (Department of the Army, 2014; Beath, Christia and Enikolopov, 2011; Berman,

Shapiro and Felter, 2011; Akerlof and Yellen, 1994; Vanden Eynde, 2013; Findley and

Young, 2007). In turn, these assistance efforts create gratitude among recipients that is

paid in terms of greater intelligence tips and reduced violence. Similarly, insurgent-initiated

civilian casualties provide an opportunity for the counterinsurgent to drive a wedge between

the populace and rebels by providing assistance, underscoring the government’s (relative)

concern for the local population’s well-being.

1.2 Proposed Argument

I argue that existing hearts and minds perspectives have overlooked the important condi-

tioning effect that group identification can have on how violence is experienced—and, as a

result, how aid is received among victimized civilians. In particular, the composition of the

perpetrator-victim dyad can powerfully shape not only political attitudes but subsequent

decisions about whether to support (or join) an insurgent organization. Following Lyall,

Blair and Imai (2013), I argue that harm by members of an out-group (here, the coun-

terinsurgent) will have very different effects than similar levels of victimization by one’s

own group (typically, though not always, the insurgent organization). More specifically,
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individuals will shift their support toward the insurgency after experiencing out-group vic-

timization; humanitarian aid is unlikely to win back hearts and minds in these settings.

By contrast, individuals harmed by their own group may (weakly) punish insurgents by a

(modest) loss of support but will not transfer their support to the counterinsurgent. As a

result, humanitarian aid after civilian casualty events is unlikely to overcome deep-seated

cognitive bias that favor in-groups over out-groups. Put differently, there may be no hearts

and minds to win, even after insurgent-initiated incidents that kill or wound large numbers

of civilians.

Wartime renders coethnic bias even more salient. The fluid nature of conflict settings

increases the importance of accurate, if probabilistic, assessment of others’ intentions and

behavior. In our view, coethnic bias will persist under wartime conditions rather than fade

away, as expected by existing theories. The “sticky” nature of coethnic bias also suggests

that counterinsurgents, especially external interveners, will struggle to win civilian hearts

and minds. Influencing civilian attitudes is not simply a function of identifying the ap-

propriate mix of selective incentives and (threats of) violence. Instead, counterinsurgents

must work to supplant preexisting coethnic biases that civilians rely upon as cognitive

frameworks for understanding how and when to interact with others. Repeated interac-

tion between counterinsurgents and civilians may only reinforce these biases, undercutting

efforts to convince would-be informants to provide tips.

These biases will affect how humanitarian assistance is viewed. Pro-insurgent biases,

often based on shared ethnicity or ideology (Lyall, Shiraito and Imai, Forthcoming), will

dilute the effects of humanitarian assistance; civilians are likely to severely discount the

motives and sincerity behind such efforts. To be sure, civilians may accept such aid,

but support levels for the insurgency will (at best) remain unchanged and (at worst) will

increase substantially. Aid provided by an external counterinsurgent may be especially

problematic since it underscores the inability of the central government to care for its own

citizens at a moment of great need. Such public failures are likely corrosive to central

government legitimacy. Simply accepting aid is therefore not a sign of attitudinal change

nor a useful predictor of future behavior.

The hardening of attitudes against the counterinsurgent (and toward the insurgent)

suggests several behavioral predictions at the village level. We are likely to observe a re-

duction in insurgent attacks in villages harmed by the counterinsurgent, at least initially,

since support has coalesced around the insurgency. There is little need to increase violence
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in these areas; instead, insurgents are more likely to redirect their violence against pro-

government areas (?). Humanitarian assistance may therefore have a displacement effect

by causing insurgents to redeploy their forces to new areas that they wish to extend their

control over. Insurgent violence should remain relatively unchanged in villages harmed

by insurgents, however. Insurgents may temporarily “pause” their attacks after a civilian

casualty event but are likely to continue their attacks unabated since they bear relatively

little cost for inflicting civilian casualties (as measured by loss of public support). Insur-

gents possess far greater latitude to inflict civilian casualties among their coethnics than

the counterinsurgent, a fact that creates a serious obstacle for any humanitarian assistance

program to surmount.

2 Intervention: The ACAP II Program

There was little warning that the rapid toppling of Afghanistan’s Taliban regime in the

immediate aftermath of the 11 September 2011 would embroil the United States (along

with its NATO allies) in the longest war of its history. Yet the fall of Kabul created

a political vacuum that gave breathing room for a weakened Taliban to reconstitute its

forces. By 2006, the ISAF was confronted by a widening, and grinding, insurgency that

forced a “surge” of combat forces in 2009 to bolster Kabul’s flagging fortunes. Tied to

a mercurial President Karzai, ISAF and various international agencies and institutions

sought to marry the selective use of violence with large sums of development funds (now

exceeding the Marshall Plan in cost) to convince Afghans of the central government’s

legitimacy. By early 2014, however, progress at extending Kabul’s writ had proven illusive

at best as emboldened Taliban forces consolidated their gains throughout eastern and

southern Afghanistan. While ISAF’s mission officially ended in December 2014, the US

plans to keep nearly 10,000 soldiers in Afghanistan until 2016, if not latter.

ACAP II was designed to alleviate suffering from indiscriminate violence that met two

of three criteria: (1) the injured parties were civilians; (2) these individuals were harmed

via direct action by ISAF (e.g. errant airstrikes); or (3) these individuals were harmed

by the Taliban due to the presence of ISAF in a given area (e.g. a passing ISAF patrol,

a nearby ISAF military installation). Though intended as a humanitarian program, its

model of aid closely resembled counter-violent extremism (CVE) programming that aims
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to reduce the “push” and “pull” factors into an insurgency by replacing material losses,

“hardening” individuals against insurgent recruitment appeals.

More specifically, ACAP II distributed two aid packages: (1) Immediate Assistance,

which consisted of household supplies, building materials (e.g. shelters), and foodstuffs;

and (2) Tailored Assistance, which involved more specialized additional services, including

references to psychiatric counseling, medical assistance, vocational training, small busi-

ness grants, and livestock. All Tailored Assistance beneficiaries also received Immediate

Assistance. All assistance was in-kind; no cash was provided.

In total, ACAP II investigated 1,061 incidents involving civilian victimization from 7

October 2011 to 14 September 2013. The total assistance rendered over this time period

was $9.3 million ($5.4 million was Tailored Assistance).2 An estimated 5,488 families

received assistance, totaling 29,467 individuals, including 8,314 men, 5,910 women, and

15,423 children.

Table 1 provides an overview of the (in)eligible incidents broken down by responsible

party. It is worth emphasizing that the eligible events are divided almost evenly between

ISAF- and Taliban-initiated events. The program was not, for example, selectively re-

sponding to only one combatant’s actions, nor was it privileging responses to particular

types of events (e.g. high-profile events such as suicide bombings). And as Figures 1 and 2

illustrate, ACAP II investigated and programmed throughout Afghanistan, though south-

ern and (especially) eastern Afghanistan received the majority of programming given the

extremely violent nature of these areas.

3 Empirical Strategy

There’s no shortage of obstacles to overcome when attempting to causally identify the

effects of humanitarian aid programs in conflict settings. A short list of potential method-

ological issues would include: selection bias arising from the non-random targeting of loca-

tions or civilians; bias arising from the selection into receiving humanitarian assistance; the

(potential) absence of relevant counterfactuals; attrition bias stemming from difficulties in

locating individuals after aid has been distributed; the inability to collect baseline data

given the unexpected nature of civilian casualties; and recall bias that may be serially cor-

2Total program costs were estimated to be nearly $29 million, 2011-13. Office of Inspector General
(2014).
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Table 1: Eligible and Ineligible Incidents, By Event Type

Event Type Eligible Ineligible

ISAF-initiated
Traffic Accident 57 14
Airstrike 63 67
ISAF Indirect Fire 10 6
ISAF Military Operation 140 102
Escalation of Force (EOF) 12 4
Sub-Total 282 193

Taliban-initiated
Improvised Explosive Device (IED) 110 129
Taliban Indirect Fire 57 29
Taliban Military Operation 60 20
Suicide Bombing 43 17
Sub-Total 270 195

Unclear Responsibility
Crossfire 40 81

Total 592 469

related with the severity of the violent incident. Our usual response—adopt a randomized

control trial framework — is extremely difficult to manage in these environments, not least

for logistical and ethical issues (Puri et al., 2014, iv-v).

Recognizing these methodological issues, prior studies have sought plausibly exogenous

(“quasi-random”) means by which individuals are exposed as-if randomly to indiscriminate

violence. These instruments include (1) inaccurate Hamas’ rocket fire into Israel (Get-

mansky and Zeitzoff, 2014), random Russian artillery shelling in Chechnya (Lyall, 2009),

German aerial bombardment during the London Blitz (Clarke, 1946), block-by-block street

crime in New York City (Sharkey et al., 2014), random chance in successful assassination

attempts (Jones and Olken, 2009), haphazard abduction of recruits into rebel organiza-

tions in Uganda (Blattman, 2009), and rough terrain’s constraining effects on combatant

violence in Nepal (Gilligan, Pasquale and Samii, 2014).
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Figure 1: Distribution of ACAP II eligible (blue) and ineligible (red) civilian casualty
events, 2011-13.

I follow this tradition using two-fold quasi-random assignment of individuals and vil-

lages to humanitarian aid eligibility in Afghanistan. Treatment assignment has two com-

ponents. First, I exploit the inherent randomness of indiscriminate violence in creating

civilian casualties and property damage. The exogeneity of exposure to violence relative

to individual traits sets up the comparison between those who received humanitarian as-

sistance and those who did not. It also creates a within-group comparison between those

who received immediate assistance and those who received the more comprehensive tai-

lored assistance. Second, I draw on a programming feature of ACAP II — namely, its need

for ISAF acknowledgement of an incident before it could be deemed eligible for assistance

— to estimate ACAP II’s village level effects. As detailed, ISAF’s halting and inconsistent

authorization of incident eligibility led ACAP II to abandon hundreds of civilian casualty
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Figure 2: Density plot of ACAP II eligible programming.

events that met its programming criteria but that never received an official ISAF response.

I focus on the individual level first. I use a two-control group comparison between (a)

villagers in the village during the incident but who received no assistance; (2) villagers who

were hurt and who received immediate assistance; and (c) villagers who were hurt and who

received tailored assistance. A purpose-built survey across IA, TA, and no aid respondents

is then used to test at close-range individual level mechanisms thought to shape attitudes

and behavior consistent with support for and participation within insurgencies.

Several aspects of ACAP II programming facilitate both the identification of plausibly

exogenous exposure to violence and an appropriate sample for testing its effects. First,

ACAP II’s eligibility criteria sought to create a uniform population of civilians. “A civil-

ian,” as defined by ACAP II, was defined as “any person who is not taking a direct part in
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Figure 3: Nested Natural Experiment. “A” is randomness of civilian victimization (yes/no)
and its properties. “B” involves ACAP II’s abandoning of incidents due to ISAF’s delay
in confirming incident eligibility. “C” is plausibly exogenous exposure to indiscriminate
violence at the individual level. “D” is program-level “as-if” randomness; few significant
differences between IA and TA recipients.

hostilities. This includes all civilians not used for a military purpose in terms of fighting

the conflict. Women and children will also be considered as non-combatants and may be

eligible if harmed by US and Coalition Forces.” As a result, individuals in any Afghan se-

curity force, government officials, or directly employed by US/ISAF forces were not eligible

to receive assistance. Second, ACAP II worked to vet potential beneficiaries to ensure that

they did not have a prior history of involvement in the insurgency, though these efforts by

definition cannot be considered complete. As a result, the sample population is composed

exclusively of civilians rather than soldiers or insurgents where assumptions of as-if random

targeting are less credible.

Second, ACAP II provided assistance after both ISAF- and Taliban-initiated events;
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there is no selection effect arising from focusing on one combatant or class of incident.

As ACAP II’s own eligibility criteria state: “ACAP II provides assistance regardless of

who is at fault, if the loss was incurred due to U.S. and Coalition Forces targeting the

Taliban and other insurgent groups involved in the armed conflict or due to the Taliban

and other insurgent groups targeting U.S. and Coalition Forces; however, civilians harmed

by Afghan National Security Forces or solely by the Taliban and insurgents without the

presence of U.S. and Coalition Forces will not be eligible for ACAP II assistance.” These

criteria therefore incorporate most civilian casualty incident types, excluding only Taliban

violence against civilians that occurred when ISAF forces or bases were absent.

Third, ACAP II investigated a broad class of incident types where civilians were

hurt and property damaged as an accidental result of ongoing hostilities. Eligible ISAF-

initiated events include: airstrikes (including accidental weapons releases); military op-

erations and night raids that accidentally killed civilians; road accidents; and escalation

of force (EOF) incidents where civilians failed to heed ISAF soldiers’ traffic instructions.

Taliban-initiated events include: suicide bombings, improvised explosive devices (IEDs)

that killed or wounded passersby on highways; military operations that accidentally hurt

civilians; and rocket attacks against ISAF bases and patrols where the (crude) rockets

missed their targets.

In short, these civilian casualty events had shared properties that make assumptions

of plausible exogeneity credible: they involved almost exclusively civilians and had a high

degree of contingency in terms of who was hurt, how badly, where, and by which combatant.

And while it is important to provide qualitative evidence of this treatment assignment,

I also subject this plausibly exogenous assumption to quantitative balance tests below

(Dunning, 2012).

3.1 Survey

To measure ACAP II’s individual level effects, a 3,045 respondent survey was conducted

in four waves (March, June, September, November/December) during 2013. Respondents

were chosen randomly from ACAP II’s list of beneficiaries. Our sample includes 1,314 im-

mediate assistance and 724 tailored assistance recipients. To create a baseline, 1,007 inter-

views were also conducted from randomly sampled individuals who lived in the same village

as the beneficiaries and who were present during the incident but who were not harmed and
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thus received no assistance.3 In total, respondents were drawn from a randomly-selected

268 of ACAP II’s 592 eligible incidents (45%). Surveys were conducted in 16 provinces,

ensuring excellent geographic coverage. Beneficiaries became eligible for these surveys once

their case had been “closed,” meaning that assistance had been delivered.

While tracking individuals in war zones can be a difficult proposition, ACAP II’s field

teams managed to contact and interview nearly all of the selected beneficiaries; only 4.8%

could not be found. The response rate on the non-beneficiaries was similarly high; 81%

of those initially contacted participated, while 16% were deemed ineligible because they

were not present during the incident (only 3% refused to participate). We continued to

select non-beneficiaries until we reached 1,007 respondents. Nearly 21% of all surveys were

subjected to quality control call-backs. Interview mean length was 32 minutes. There were

four versions of the survey instrument; these were balanced across the entire sample. The

vast majority of our respondents were Pashtun (82%); the next largest ethnicity was Tajik

(11%).

We might worry about selection effects creeping into our sampling design: the most

violent areas might be off-limits for programming, for example. In fact, this was rarely

the case; we experienced very little difficulty in actually entering villages and identifying

respondents. Moreover, starting in our second wave, we allowed for telephone interviews to

be conducted if beneficiaries resided in completely inaccessible areas. Only 142 of our re-

spondents (4.6%) were surveyed in this fashion. A full 84% (N=2,550) were conducted face-

to-face in their homes. The remaining interviews were conducted in the district (N=326,

11%) or provincial (N=27, 1%) centers.4

3.2 Checking “As-if” Randomization: Individual Level

If an individual’s exposure to violence is plausibly exogenous to their traits and location, we

should expect to observe balance on a rich set of covariates between those who received and

did not receive ACAP II assistance. We should also observe balance between individuals

3These individuals were identified using Kish grid random sampling. Two screening questions (were
you present during incident X? and Have you or your family members received assistance from ACAP II,
a program that is run by IRD that is designed to help families recover from violent incidents?

4Note, however, that non-beneficiary interviews could not be conducted in inaccessible areas, creating
some differences in the control/aid distribution. That said, the control and aid interviews balance nearly
identically on prior levels of violence, suggesting that ACSOR was using other criteria than violence to
determine accessibility.
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who received IA and TA since their assignment to treatment type was orthogonal to their

traits.5

Are these groups in fact balanced? Table 2 reports coefficients and p-values on assign-

ment to aid eligibility from a logistic regression with 25 different covariates on treatment

indicators for receiving aid (versus non) and immediate assistance (versus tailored assis-

tance). These covariates include individual level traits such as age, ethnicity, employment

status, income levels, hours of electricity daily, education (state and religious), and size

of household. I also include incident level data, including whether individuals were killed,

wounded, or property damaged.

Village level data, including population, elevation, pre-incident levels of ISAF and in-

surgent violence, and the degree of control exercised by the Taliban over the given location,

is also included. Indicator variables are also included for whether ISAF-initiated the event,

whether the event occurred during the fighting season, the village’s proximity to ISAF

military bases, and the distance between the village and its district center (a measure of

ruralness). Finally, survey level information is also included, including the time lag be-

tween the incident and the survey, whether the individuals lived outside the district where

the incident occurred, and the month and length of the survey itself.

As expected, there are very few differences (measured as statistically significant dif-

ferences at the p=0.05 level) between individuals who did and did not receive assistance.

Similarly, the IA and TA recipients are also remarkably similar (columns 7 and 8), though

there is some imbalance in terms of the incident level measures of harm. A closer look

at individual level measures of harm—ACAP II recorded whether the beneficiaries expe-

rienced a death in the family; physical injuries; and property damage — suggest that TA

recipients are more likely to have experienced a fatality, that they are nearly identical in

terms of injuries, and that IA recipients were more likely to have property damage. While

these differences likely reflect programming decisions, it is noteworthy that these differ-

ences are not reflective of ACAP II’s own criteria for selecting aid types. Nonetheless, I

use regression analysis below to control for any potential confounding differences arising

from possible selection into different aid types.

5ACAP II had its own criteria for assigning IA or TA to beneficiaries: they investigated whether “the
losses are affecting the family livelihood (yes/no)” and explored the affect of the incident on a family’s
monthly income. In practice, however, these criteria were difficult to observe uniformly, and IA and TA
recipients are extremely similar to one another, including on the dimension of family income.
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Table 2: Baseline Summary Statistics and “As-if” Randomization Balance Test: Individual-Level

Control Control | Aid Control | IA Control | TA IA | TA
Variables Mean Coefficient p value Coefficient p value Coefficient p value Coefficient p value

(1) (2) (3) (4) (5) (6) (7) (8)

Age (log) 3.526 0.289 0.152 0.295 0.204 0.188 0.361 −0.108 0.553
Pashtun 0.811 −0.099 0.640 −0.151 0.542 −0.138 0.591 −0.021 0.940
EmployedFull 0.814 −0.122 0.416 −0.231 0.184 −0.020 0.287 0.233 0.222
Income Level (log) 1.637 −0.150 0.078 −0.155 0.133 −0.068 0.538 −0.063 0.668
Hours of electricity 4.885 −0.030 0.303 −0.470 0.213 −0.033 0.318 0.019 0.640
State education (years) 6.319 −0.015 0.313 0.000 0.969 −0.033 0.047 −0.035 0.017
Madrassa education (years) 0.970 0.037 0.067 0.037 0.090 0.030 0.215 0.010 0.664
Size of household (log) 2.350 0.301 0.092 0.288 0.191 0.439 0.019 −0.058 0.723
Killed (binary) 0.806 0.076 0.665 −0.355 0.201 0.286 0.203 0.847 0.010
Wounded (binary) 0.907 0.167 0.438 0.922 0.005 −0.401 0.142 −1.343 0.000
Property (binary) 0.732 0.407 0.027 0.860 0.003 −0.107 0.637 −0.982 0.001
Population (log) 8.913 −0.054 0.113 −0.034 0.488 −0.104 0.086 0.053 0.509
Elevation (log) 7.285 0.026 0.898 0.252 0.284 −0.456 0.113 −0.606 0.103
Prior insurgent violence (7 days) 1.156 0.051 0.252 0.014 0.777 0.115 0.074 0.007 0.901
Prior ISAF violence (7 days) 0.008 −0.106 0.582 0.065 0.768 −0.241 0.441 −0.428 0.214
Prior IED detonations (7 days) 0.069 0.275 0.237 0.214 0.599 0.379 0.031 0.607 0.024
ISAF-initiated event 0.208 0.296 0.206 0.234 0.369 0.337 0.267 −0.089 0.803
Village control 2.518 −0.068 0.201 −0.457 0.464 −0.070 0.309 −0.103 0.099
Fighting season 0.543 0.230 0.167 0.329 0.097 0.236 0.318 −0.182 0.575
Bases within 3km2 (log) 0.104 −0.006 0.871 0.009 0.866 −0.178 0.773 −0.068 0.338
Distance to district center (km, log) 0.726 −0.073 0.234 −0.102 0.134 −0.091 0.329 0.056 0.574
Time lag (incident → survey, log) 5.645 −0.096 0.338 −0.497 0.000 0.936 0.009 1.347 0.001
Outside district? 0.028 0.135 0.522 −0.230 0.491 0.627 0.056 1.019 0.088
Survey month 7.589 0.048 0.018 0.050 0.031 0.043 0.405 −0.047 0.403
Survey length (log) 3.442 0.317 0.315 −0.263 0.339 0.670 0.160 0.496 0.180

Note: Columns (2) and (3) report the coefficient and p-value on assignment to eligibility from a logistic regression of all covariates on the
treatment indicator (eligible/not eligible). Standard errors clustered by unique village id. 3,045 respondents over October 2011-October
2013. Survey measurement occurred in four waves in 2013.
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4 Individual-Level Findings

We can test the individual level effects of receiving ACAP II assistance (both immediate and

tailored) across the mechanisms specified by the existing theories above. Two comparisons

are made here: between individuals who did not and did receive ACAP II assistance (all

being in the village/city during the incident) and between IA and TA recipients. In all

cases, movement from 0 to 1 should be interpreted as receiving greater assistance. I first

estimate average effects for control to ACAP II receipt for all incidents, then disaggregate

by ISAF- and Taliban-initiated events. I then repeat the same estimations for the IA versus

TA comparison. I reproduce all survey questions and alternative questions (for robustness)

in the appendix.

Models include standard individual level covariates: age (years, logged); binary variable

for Pashtun; binary for fully employed; family income, 12-point scale (logged); years of

state eduction and year of madrassa education (logged, both); and number of individuals

within the household (logged). Incident level covariates include dummies for killed and

wounded (or replace with civilian casualty logged) and property damage; fighting season

dummy. Village level factors include logged population, elevation, and 6-fold level of control

exercised by Taliban/government in the village. Also includes number of bases within 3

km of the village (logged) and distance in kilometers to the district center (logged). Survey

measures include time (in days) from the incident to the survey, the actual survey month

(to control for time effects across the survey’s four waves), and the length of the interview

(minutes, logged). Standard errors are clustered on village location.

For the IA/TA comparison, I add dummy variables to indicate whether the respondent

is representing a family that suffered a fatality, wounded individuals, or property damage.

I also add a 4-point scale question about whether the family received all of the assistance

that it was promised (Q-31) and whether they understood the type of assistance they would

receive (Q-30) to separate out beliefs about the quality of ACAP II implementation from

its effects.

To measure grievances, I constructed a four-fold indicator of an individual’s views of

the provision of goods and services from (a) Kabul and (b) his/her district government.

These four services are: electrical power, clean water, agricultural support (nearly all of

our areas are rural), and the quality of roads. These replies are pooled into a single index;

values range from “service not provided” (a 0) to very satisfied (a 4). These services were
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chosen because they are frequently cited as key sources of dissatisfaction that delegitimize

a government (these are often the exact services promoted in HAM efforts) and because

they are not connected to ACAP II assistance and thus are unlikely to be affected by prior

receipt of ACAP II assistance. I present results with Kabul as the source of dissatisfaction

and use district level government as a robustness check.6

To test opportunity cost arguments, I use questions about an individual’s beliefs about

the recovery of income after the incident and beliefs about future economic prospects. As

a robustness check, I also include questions about the individual’s belief that the aid was

sufficient for family needs, that the aid helped them recover in the aftermath of the event,

and that the aid would help them improve their family’s future prospects (these questions

are all family related and apply only to beneficiaries).

To test socio-psychological arguments, I draw on several questions assessing preference

over risk and mental health (depression) to see if violence has a debilitating effect on

individuals and whether ACAP II assistance is associated with improvements over the

control condition. More specifically, I draw on questions about an individual’s beliefs

about whether they are powerless in their daily lives (Powerlessness), their self-assessment

of risk preferences (Risk), their optimism about the future (Optimism), and their present

interest in past activities (Interest).

I use an indirect survey methodology known as endorsement experiments to measure

two sensitive issues: relative support for the Taliban versus the Afghan government versus

the United States. For each measure, I pool three endorsement experiments into an index

of support for these actors. The US-Taliban comparison has an added wrinkle: I randomly

assign a branding prompt that reminds individuals that assistance is brought to them by

the American people to see if attitudes can be moved not just by the endorsement but also

the branding prompt.7

Beginning first with the comparison between individuals who did not and who did

receive ACAP II assistance (Table 3), we find evidence that suggests ACAP II effects are

working through an income channel. Beliefs that their income has recovered to pre-incident

levels is strongly associated with receiving ACAP II assistance. This effect, however,

only persists after ISAF-initiated events; those experiencing a Taliban-initiated event do

6Included in next version.
7The next version will include estimates using ideal point estimation for these endorsement experiments,

following (Lyall, Blair and Imai, 2013; Shiraito and Imai, 2012).
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not record statistically different views relative to non-aid recipients. Beliefs about future

income appear unaffected by receiving ACAP II assistance.

Turning to socio-psychological mechanisms, we find little evidence that ACAP II assis-

tance has affected either risk preferences or optimism about the future. Instead, we find

a negative effect for beliefs about powerlessness and perceived interest in past activities:

ACAP II recipients are more likely to agree that they are powerless in their daily lives,

and more likely to report that the have lost interest in past activities, when compared with

non-aid beneficiaries. While we cannot conclude that ACAP II assistance is necessarily re-

sponsible for these negative effects, we can conclude that receiving ACAP II is insufficient

to overcome the cognitive effects of exposure to violence. Taken together, these findings

suggest that exposure to violence, far from empowering individuals as recent research has

argued, is instead generating serious cognitive issues that would appear to point away from

prosocial activities. (It is possible, however, that strong beliefs about one’s powerlessness,

coupled with higher rates of reporting depression, would make individuals more likely to

seek purpose through participation in an insurgency).

Our endorsement experiment measures of support for the Taliban (emphendorse1) and

US government (endorse2 ) relative to the Afghan government reveal perhaps our most

startling finding. Receipt of ACAP II assistance is associated with a massive increase in

support for the Taliban after ISAF-initiated events. By contrast, Taliban support dips

slightly after Taliban-initiated events, though this difference is not statistically significant.

These findings are consistent with the argument proposed here; namely, the meaning of

violent events, and thus ACAP II’s ability to mediate these effects, hinge on preexisting

group allegiances. Harmed Pashtuns are unlikely to shift their support behind the coun-

terinsurgent even if repressed by the Taliban. By contrast, the Taliban reap a groundswell

of support after an ISAF-initiated civilian casualty event. ACAP II assistance appears

unable to overcome these preexisting in-group biases.8

Nor does ACAP II assistance translate into improved views of the United States gov-

ernment (Model 8). There is no increase in support for the US government relative to the

Afghan one after either ISAF- or Taliban-initiated violence. Indeed, these non-findings per-

sist even among individuals who (randomly) received a prompt reminding them that their

8Moreover, there is evidence that villagers in Taliban-controlled areas credit the Taliban for allowing
ACAP II to access these villages. The Taliban are therefore able to “credit capture” ACAP II assistance
while ISAF retains the blame for initiating the incident.
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assistance had been “brought to them by the American people.” In short, if ACAP II does

reduce violence at the village level, it is unlikely to be working through the mechanisms

commonly suggested by hearts and minds approaches.
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Table 3: Mechanisms: Control to Aid

Opportunity Cost Socio-Psychological Mechanisms Hearts and Minds

Current Income Future Income Powerless Risk Optimism No Interest Endorse1 Endorse2

Model 1 Model 2 Model 3 Model 4 Model 5 Model 6 Model 7 Model 8

Treatment 0.325?? 0.024 0.243? −0.022 −0.125 0.255?? 0.815 0.151
(0.118) (0.111) (0.109) (0.121) (0.127) (0.087) (0.565) (0.318)

Wald χ2 98.71??? 54.09??? 128.24??? 107.75??? 171.17??? 168.81??? 210.91??? 367.29???

Log pseudolikelihood −4147.07 −4114.46 −3806.79 −3512.30 −3527.04 −3752.83 −7117.00 −6870.81
r2 0.02 0.01 0.03 0.01 0.02 0.02 0.03 0.05
Respondents 3034 2946 3018 3005 3001 3002 2952 2986
Villages 200 193 198 199 199 196 196 199

Treatment (ISAF only) 0.938??? 0.292 0.205 0.222 0.079 0.377? 1.525??? 0.002
(0.173) (0.210) (0.130) (0.230) (0.242) (0.152) (0.524) (0.539)

Wald χ2 62.41??? 90.57??? 86.96??? 178.26??? 94.92??? 139.01??? 105.97??? 159.37???

Log pseudolikelihood −907.56 −897.26 −855.37 −715.82 −772.23 −810.39 −1559.73 −1486.58
r2 0.03 0.04 0.03 0.05 0.05 0.06 0.04 0.03
Respondents 677 658 674 673 674 671 651 660
Villages 109 107 109 108 109 108 108 109

Treatment (Taliban only) 0.169 −0.032 −.236† −0.044 −0.037 0.197? −0.222 −0.018
(0.133) (0.124) (0.131) (0.139) (0.153) (0.094) (0.380) (0.522)

Wald χ2 175.37??? 130.48??? 115.92??? 307.86??? 172.36??? 209.59??? 314.90??? 569.61???

Log pseudolikelihood −3113.76 −3105.64 −2855.99 −2696.37 −2675.64 −2839.25 −5360.05 −5212.05
r2 0.03 0.02 0.04 0.02 0.02 0.02 0.03 0.06

Respondents 2308 2239 2296 2283 2278 2282 2252 2277
Villages 99 93 98 98 98 95 94 98

Note: All covariates in the model with robust standard errors clustered on village id. 3045 total respondents. Missing and
refused answers dropped (in this analysis). † Significant at 10% ?Significant at 5% ??Significant at 1% ???Significant at
.01%.
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I then repeat these statistical models to facilitate within-group comparison between IA

and TA recipients (Table 4). In total, there are few differences between these recipients,

suggesting that additional assistance is not translating into improved (from ACAP II’s

viewpoint) effects. There is some evidence to suggest that receipt of TA assistance does

improve an individual’s perception of future income, though only after Taliban-initiated

events. Similarly, TA recipients do score better on questions about their current interest

in past activities (Model 6). And there is suggestive evidence—but only modestly—that

receipt of TA is associated with improved perceptions of the United States relative to the

Afghan government when compared to IA recipients. Overall, however, the comparison

between no aid and aid recipients is more meaningful than differentiating between IA and

TA recipients.
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Table 4: Mechanisms: Within-Group Comparison

Opportunity Cost Socio-Psychological Mechanisms Hearts and Minds

Current Income Future Income Powerless Risk Optimism No Interest Endorse1 Endorse2

Model 1 Model 2 Model 3 Model 4 Model 5 Model 6 Model 7 Model 8

Treatment 0.149 0.193 −0.225 −0.047 0.036 −0.209 0.232 0.313†

(0.141) (0.155) (0.139) (0.133) (0.132) (0.159) (0.171) (0.187)

Wald χ2 99.06??? 131.95??? 162.09??? 146.09??? 174.14??? 139.04??? 287.96??? 220.81???

Log pseudolikelihood −2736.61 −2735.34 −2554.07 −2314.65 −2320.02 −2484.46 −4706.91 −4556.10
r2 0.02 0.02 0.02 0.02 0.02 0.02 0.03 0.05
Respondents 2034 1971 2017 2009 2008 2009 1965 1998
Villages 200 193 196 199 199 195 195 198

Treatment (ISAF only) 0.269 −0.247 −0.102 −0.417† −0.347 −0.557? 0.038 0.232
(0.248) (0.385) (0.228) (0.257) (0.230) (0.284) (0.264) (0.297)

Wald χ2 43.16?? 76.85??? 85.26??? 187.39??? 63.21??? 130.95??? 170.13??? 109.43???

Log pseudolikelihood −616.53 −618.12 −589.52 −478.84 −537.36 −557.45 −1076.51 −1033.09
r2 0.03 0.04 0.04 0.07 0.04 0.06 0.05 0.03
Respondents 470 458 466 466 466 465 455 461
Villages 109 106 108 108 109 108 107 109

Treatment (Taliban only) 0.181 0.469??? −0.244 0.202 0.135 0.006 0.165 0.320
(0.161) (0.160) (0.189) (0.127) (0.168) (0.164) (0.230) (0.202)

Wald χ2 199.25??? 647.11??? 212.25??? 540.56??? 317.59??? 168.64??? 444.39??? 489.28???

Log pseudolikelihood −2032.63 −2017.98 −1880.28 −1746.61 −1715.54 −1840.39 −3458.44 −3382.29
r2 0.03 0.03 0.03 0.02 0.02 0.02 0.04 0.06
Respondents 1523 1472 1511 1502 1501 1503 1469 1496
Villages 98 92 96 97 97 93 94 96

Note: All covariates in the model with robust standard errors clustered on unique village id. † Significant at 10%
?Significant at 5% ??Significant at 1% ???Significant at .01%.
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5 Scaling Up: Village-Level Effects

What effects, if any, did ACAP II programming have on subsequent insurgent violence?

Can we close the link between attitudinal changes and behavioral outcomes? Intriguingly,

the haphazard nature of ACAP II incident verification created two groups of nearly identi-

cal villages: those that experienced a civilian casualty incident and received assistance; and

those that experienced a similar incident but, for bureaucratic reasons, were abandoned by

ACAP II.

To understand how these comparison was generated, we need to explore the dynamics

of ACAP II incident verification. As noted above, ACAP II eligible incidents had two

properties: civilians were confirmed as harmed; and ISAF forces were either directly in-

volved in the incident or nearby (i.e. a military installation was targeted). Unusually,

however, authority for incident eligibility was not held by ACAP II but rather by ISAF

itself. Once notified of an incident—either by local actors/media or their own sources—

on-site managers (OSMs) stationed on military installations would first investigate the inci-

dent. They then would request confirmation of civilian and ISAF involvement from ISAF’s

own Civilian Casualty Tracking Cell (CCTC—latter, CCMC). Because the CCTC’s own

investigative capacity was limited, however, a severe bottleneck in determining eligible

status quickly emerged as ACAP II programming expanded.

Indeed, only 592 of the 1,061 incidents ACAP II investigated would actually be deemed

eligible. In nearly all cases of non-eligibility, ISAF never issued a verdict. Instead, ACAP II

was forced to abandon these cases because it could no longer mount a timely response; too

much time had elapsed from the incident date. In fact, by 2013 so many pending cases had

grown “stale” that ACAP II was essentially forced to wipe its books clean and start over

with a new arrangement for confirming casualties, this time with UNAMA. As a result,

rates of eligibility drop significantly in 2013 as ACAP II struck these from its books. Note

that these cases would be deemed ineligible even if ACAP II had confirmed — via elders,

the OSM on-site inspection, UNAMA, media, or some confirmation — that ISAF was

present and that civilians were indeed harmed or property damaged. In this framework,

only ISAF could determine eligibility; these additional third-party sources could be used

only for generating, not confirming, incident reports. 9

9This discussion is based on interviews with ACAP II, CCTC, USAID, and MISTI officials. All sides
expressed frustration with ISAF rulings, citing its “haphazard” and “chaotic” nature and noting how low
bureaucratic capacity, frequent personnel turnover, and changing personal dynamics all contributed to
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Of course, we should approach this assignment to eligibility mechanism with some

skepticism. Perhaps ISAF merely acknowledged the least violent incidents to maintain

plausible deniability, if only with Western audiences. Or, conversely, perhaps ISAF was

prodded to action only by the most egregious incidents that could not be ignored for

political reasons. Or perhaps ISAF was predisposed to only acknowledge Taliban-initiated

incidents, burying its own mistakes in bureaucratic delay.

None of these concerns hold, however. In fact, as Table 5 demonstrates, coefficients

from regressing eligible status on nearly 40 different covariates suggest remarkably good

balance across eligible and non-eligible incidents, as expected if bureaucratic delays were

orthogonal to the nature of these incidents. These covariates include casualty counts

(logged), property damage, village-level characteristics, a measure of distance from Kabul

to indicate likelihood of an incident being picked up in the (inter)national media (?), and

fixed effects for year and for each province (excluding those with only one observation).

The design is not perfect; six covariates (out of 37) exhibit statistically significant

differences at the p=.05 level, higher than what we might expect from a randomized ex-

periment. There’s some regional heterogeneity in eligibility, for example, with certain

provinces (Kapisa, Ghazni, Khost) exhibiting a greater probability of their incidents being

included. Indicator variables for 2011 and 2012 both confirm the problems with eligibility;

it became less likely that incidents would be deemed eligible in 2013 compared to past

years as ACAP II struck a large number of incidents from its roster, as discussed above.

Substantively, however, eligible and non-eligible incidents are very similar. Villages

where incidents were deemed non-eligible were only 14 meters higher than villages with

eligible incidents, for example, and were only an average of 26 kilometers farther from

Kabul. An average of 1.72 individuals were killed and 2.65 wounded in non-eligible incidents

compared with 1.5 and 3.38 in eligible incidents, respectively. Property damage is also

similar: 41% of incidents had property damage in non-eligible incidents, compared with

45% in eligible incidents. Eligible and non-eligible incidents had nearly identical levels

of prior ISAF and insurgent violence, including the use of improvised explosive devices.

And as Table 6 reveals, the eligible and non-eligible samples are balanced both in terms of

combatant and incident type (with the exception of crossfire incidents).

Why is it plausible to observe village-level effects from ACAP II assistance? The median

long delays in determining eligibility.

26



population for villages in our sample is 1,192 individuals, which suggests that a civilian

casualty incident would be both highly visible and seriously affect the local population.

Table 5: Baseline Summary Statistics and “As-if” Randomization Balance Test: Village-
Level

Baseline Covariate Control Treatment p-value
Mean Difference

(1) (2) (3)

Civilian casualties (log) −0.165 −0.023 0.346
Property (binary) 0.405 0.159 0.270
Population (log) 7.567 −0.077 0.092
Elevation (log) 7.127 −0.149 0.360
Distance to Kabul (km, log) 5.174 −0.083 0.144
Distance to nearest base (km, log) 7.704 0.012 0.897
Number of bases within 3km2 (log) −1.527 0.098 0.022
Fighting season 0.597 −0.252 0.130
Prior insurgent violence (7 days) 0.874 0.039 0.359
Prior ISAF violence (7 days) 0.029 0.145 0.590
Prior IED detonations (7 days) 0.108 −0.159 0.364
Prior insurgent violence (30 days) 4.586 −0.025 0.038
Prior ISAF violence (30 days) 0.130 0.150 0.255
Prior IED detonations (30 days) 0.498 −0.096 0.256

Note: Columns (2) and (3) report the coefficient and p-value on assignment to
eligibility from a logistic regression of all covariates on the treatment indicator (eli-
gible/not eligible). Standard errors clustered by village. Missing population data are
imputed at the median. N=1,061 incidents (592 eligible; 469 ineligible) over October
2011-October 2013.
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Table 6: Baseline Summary Statistics and “As-if” Randomization Balance Test: Village-
Level by Incident Type

Baseline Covariate Control Treatment p-value
Mean Difference

(1) (2) (3)

ISAF-initiated

ISAF military operation 0.215 −0.030 0.947
Airstrike 0.142 −0.418 0.367
Accident 0.030 1.047 0.052
Escalation of force 0.008 0.742 0.258

Taliban-initiated

Insurgent military operation 0.043 0.741 0.133
Insurgent indirect fire 0.062 0.319 0.516
Suicide bombing 0.036 0.571 0.261
Improvised explosive device 0.275 −0.516 0.253

Unclear Responsibility

Crossfire 0.173 −1.062 0.023

Note: Columns (2) and (3) report the coefficient and p-value on assignment to
eligibility from a logistic regression of all covariates on the treatment indicator
(eligible/not eligible). Standard errors clustered by village. N=1,061 incidents
(592 eligible; 469 ineligible) over October 2011-October 2013. ISAF indirect fire
is the referent category.
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5.1 Additional Village-Level “As-if” Randomization Test

5.2 Village-Level Findings

The plausibly exogenous nature of assignment to eligibility at the village level creates

the possibility of identifying causal effects via difference-in-difference estimation. In the

analysis below, I first estimate the effects of ACAP II programming on insurgent attacks

against ISAF in the immediate aftermath of a civilian casualty event, when ACAP II has

announced that aid will be forthcoming but none has ben received yet.10 I then estimate

ACAP II effects once aid has been disbursed. I use different temporal windows to assess

changes in attacks, including up to six months after aid has been distributed. All counts of

insurgent violence are taken within a 2km radius for settlements under 50,000 inhabitants;

a wider 5km radius is employed for locations with ≥50,000 inhabitants. I first report the

pooled effect across all types of incidents, then separate by ISAF and Taliban-responsible.

Beginning with the announcement period (Table 7), we observe a negative relation-

ship between ACAP II assistance and insurgent violence at both the 7- and 30-day post-

announcement marks. Splitting the sample provides our first glimpse of ACAP II’s asym-

metrical effects. The conflict-reducing properties of ACAP II assistance only hold for

ISAF-initiated events (with estimates just missing conventional significance levels at the 7-

day mark). The announcement of ACAP II assistance has no statistically significant effect

on insurgent violence after Taliban-initiated events. Note, too, the stability of estimates

between treatment only (“alone”) and models including all covariates (“full”).

We observe a similar patterns once aid has been distributed (Table 8). In the pooled

estimate (Models 1-2), we witness a marked reduction in insurgent attacks up to 180 days

after ACAP II aid has been disbursed. Once again we observe asymmetrical effects: the

reduction in attacks is most sizable after ISAF-initiated events and statistically significant

in nearly every model, though we do observe some attenuation in the +180 day mark,

suggesting that the effects of ACAP II may be degrading over time. By contrast, the

reduction in attacks after Taliban-initiated events rarely reaches conventional levels of

statistical significance. Moreover, the curious (and statistically significant) decrease in

insurgent attacks observed at the +180 day mark after Taliban-initiated events is driven

10Despite the moniker “immediate” assistance, does take a while to get the aid to the civilian casualties.
In 2011: 134 days to get IA to the village (n=61), in 2012, 112 days (n=381), and only 58 days in 2013
(n=150).
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solely by the inclusion of Kabul. Remove Kabul from the sample, and these post-aid

differences in insurgent attacks are no longer significant after Taliban-initiated events;

results remain unchanged for ISAF-initiated attacks, however.

These findings are inconsistent with claims that civilian casualties automatically in-

crease insurgent violence and that grievances are immutable. Instead, these findings suggest

that humanitarian assistance can play a key role in reducing insurgent attacks under certain

circumstances (notably, after counterinsurgent violence). Consistent with the individual-

level findings, these decreases in insurgent attacks may be due to the upswing in support for

the Taliban recorded after ISAF-initiated events. The Taliban, now possessing a relatively

higher degree of support (and perhaps control) in ISAF-victimized villages, are free to turn

their attention to attacking villages that exhibit more pro-government sentiment (Lyall,

Shiraito and Imai, Forthcoming). As a result, insurgent violence is being redistributed

away from ACAP II aid locations and toward locations where the Taliban possess rela-

tively lower levels of support. The modest decline in Taliban attacks after Taliban-initiated

incidents may reflect its acknowledgement that civilian casualties can erode its standing

(recall the modest downturn in support for Taliban after these events). But as expected

we do not witness a sharp downturn in violence (or support), suggesting that the Taliban

feel far less pressure from society to curb its violence than ISAF. Moreover, these findings

suggest that humanitarian aid is a poor means for persuading individuals to support the

counterinsurgent even after insurgent-inflicted civilian casualties.

These findings also suggest a role played by increasing the opportunity costs for sup-

porting or joining the insurgency. Though opportunity cost accounts do struggle to explain

the asymmetry of effects observed here, it is possible that ACAP II assistance has suffi-

ciently raised family income to help recover from the incident, thus reducing vulnerability

to Taliban recruitment appeals and other push factors into the insurgency.

6 Conclusion

The manuscript is still in its early days, and much analysis remains to be conducted.

In particular, further subsetting of the dataset to explore heterogeneity of effects across

regions, within-IA and -TA differences, and variable levels of Taliban control needs to be

undertaken. Similarly, dosage-level tests at the village-level would assist in confirming
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Table 7: ACAP II Effects on Insurgent Violence After Aid Announcement

Responsible Combatant

Variables All Events ISAF Taliban

Model 1 Model 2 Model 3 Model 4 Model 5 Model 6
(alone) (all) (alone) (all) (alone) (all)

eligible: 7 days −0.206? −0.220? −0.224 −0.236 −0.176 −0.223
(0.103) (0.110) (0.166) (0.161) (0.191) (0.204)

Constant 0.140 4.724??? 0.104 2.505† 0.153 6.257???

(0.100) (1.025) (0.127) (1.362) (0.195) (1.251)

F-test 4.00? 6.50??? 1.81 5.30??? 0.84 17.61???

Root MSE 1.963 1.828 1.684 1.443 2.237 2.107
r2 0.003 0.145 0.004 0.291 0.002 0.141

eligible: 30 days −0.775? −0.678? −1.1458? −1.186? −0.175 −0.624
(0.368) (0.313) (0.586) (0.479) (0.463) (0.448)

Constant 0.684? −1.593 0.979† 2.615 0.138 0.015
(0.317) (3.452) (0.530) (4.833) (0.382) (5.474)

F-test 4.42? 1.00 3.82 0.99 0.14 2.71???

Root MSE 5.570 5.555 5.497 5.474 4.666 4.572
r2 0.005 0.023 0.010 0.047 0.000 0.069

N 1061 1061 474 474 465 465
Clusters 607 607 334 334 288 288

Note: Robust standard errors clustered on unique village id. † Significant
at 10% ?Significant at 5% ??Significant at 1% ???Significant at .01%.

the negative relationship between ACAP II assistance and insurgent violence, as would

exploring the reaction of neighboring villages.

That said, these results suggest that civilian victimization does not automatically result

in increased insurgent attacks if humanitarian assistance is forthcoming. These findings also

point to the pressing need to explore the asymmetry of effects across different combatants

to generate both finer-grained theories of civilian wartime behavior and programming in

these environments. Grievance formation is likely conditional on preexisting identities

and relationships between civilians and combatants; humanitarian assistance may dampen

some of these effects but, if not correctly applied, could end up reinforcing cognitive biases

and behaviors that actually undercut aid efforts.
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Table 8: ACAP II Effects on Insurgent Violence After Aid Disbursement

Responsible Combatant

Variables All Events ISAF Taliban

Model 1 Model 2 Model 3 Model 4 Model 5 Model 6
(alone) (all) (alone) (all) (alone) (all)

eligible: +7 days −0.231? −0.337??? −0.236 −0.383?? −0.190 −0.347?

(0.104) (0.098) (0.157) (0.167) (0.158) (0.147)
Constant 0.147 4.284??? 0.119 1.349 0.153 5.253???

(0.100) (0.974) (0.127) (1.529) (0.195) (1.304)

F-test 4.89? 13.71??? 2.31 7.16??? 1.46 56.21???

Root MSE 1.802 1.658 1.594 1.257 1.998 1.833
r2 0.004 0.167 0.005 0.399 0.002 0.185

eligible: +90 days −1.814? −1.923?? −2.722?? −3.036??? −1.317 −0.750
(0.757) (0.674) (1.055) (1.009) (1.332) (1.091)

Constant 0.547 −4.699 1.520† 4.824 −0.230 −11.466
(0.606) (6.080) (0.820) (9.299) (1.146) (11.848)

F-test 5.74? 3.35??? 6.65?? 2.74??? 0.98 1.71?

Root MSE 11.95 11.867 11.369 10.969 13.178 13.139
r2 0.006 0.033 0.014 0.109 0.002 0.048

eligible: +180 days −3.232? −2.993† −3.478† −2.507 −3.976† −5.757?

(1.482) (1.669) (2.024) (1.642) (2.213) (2.808)
Constant 1.330 98.028??? 1.911 49.96 2.328 113.486???

(1.721) (19.960) (1.420) (19.377) (3.435) (19.945)

F-test 4.76? 12.68??? 2.95 7.08 3.23† 24.79???

Root MSE 23.958 20.316 17.652 15.385 27.722 21.747
r2 0.004 0.295 0.009 0.274 0.005 0.410

N 1061 1061 474 474 465 465
Clusters 607 607 334 334 288 288

Note: Robust standard errors clustered on unique village id. † Significant at 10%
?Significant at 5% ??Significant at 1% ???Significant at .01%.
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Appendix

A Eligibility Criteria

A.1 Event Eligibility Criteria

ACAP II’s eligibility criteria are reproduced below (International Relief and Development,

2012). Note too that all beneficiaries are screened via using EPLS and UN Lists for

identifying black listed or excluded parties. In cases where any beneficiary does not pass

these checks, the database team has to notify the respected RD/DRD and exclude that

nominated beneficiary (International Relief and Development, 2012, 13).

1. Direct result of the presence of U.S. and Coalition Forces actions against Taliban or
other Insurgent groups.

(a) Aerial Incident (bombardment, accidental weapons release, property damage
caused by US and Coalition Forces aircraft.

(b) Direct US and Coalition Forces combat operations against Taliban or other
Insurgent groups (day/night).

2. Direct result of the presence of U.S. and Coalition Forces responding to a potential
or assumed threat. (Self-defense).

(a) Firing on a civilian/vehicle perceived as a threat by US and Coalition Forces
(vehicle approaching or overtaking military convoys or fail to follow instructions
at a check point/ civilians entering or in the vicinity of a US and Coalition Forces
guarded area).

(b) Searching a suspected insurgent residence or property and accidentally harming
an innocent civilian.

3. Direct result of the presence of U.S. and Coalition Forces in a given area. Civilians
affected by Improvised Explosive Devices (IEDs) targeting military convoys; attacks
against US and Coalition Forces bases or forces.

(a) IED/ VBIED/ suicide /firing event against US and Coalition Forces convoys/patrols.
For IED detonations, the convoy/patrol must be present within 1 km or 10 min-
utes of the detonation site.

(b) IED/ suicide/ firing event against US and Coalition Forces bases/outpost. Civil-
ian casualties/property damage must incur within a 1 km radius of the base/
outpost.

33



A.2 Individual Eligibility Criteria

1. Civilian/Non-Combatant: Any person who is not taking a direct part in hostilities.
This includes all civilians not used for a military purpose in terms of fighting the
conflict. Women and children will also be considered as non-combatants and may be
eligible if harmed by US and Coalition Forces.

2. Afghan civilians who are not eligible for ACAP II assistance are:11

(a) Afghan National Security forces (ANA, ANP, ALP, NDS, ABP)

(b) Afghan Government Officials (political and office holders)

(c) Afghans directly employed/contracted by US and Coalition Forces (translators,
vendors, supply contractors, drivers)

Note: The types of ACAP II assistance given will be dependent on investigations by

ACAP II staff, and the provision of one phase of ACAP II humanitarian assistance will not

guarantee provision of further assistance. Thorough investigations will be made and will be

case specific. Additionally, in instances in which circumstances are unclear, humanitarian

assistance will be dependent on the results of a thorough ACAP II investigation.

11Those civilians who “Assume Risk” by working with/or for government or security entities.
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